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Confidence Intervals:  
xx

e2/

xx

e2/

S
stb

S
stb αα +<β<−  

     
xx

2
ie2/

xx

2
ie2/

nS
xst

a
nS

xst
a ∑∑ αα +<α<−  

 

Hypothesis Testing:  
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CI for single response y0  
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Analysis-of-Variance:      SST      =    SSR      +     SSE 
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Test for Linearity of Regression for Data with Repeated Observations 
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Hypothesis Tests: 
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Least Squares Normal Eqs:  ( ) ( ) yXXXbyXbXX 1 ′′=⇒′=′ −  
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      ( ) 1XXCLet −′=  C is a (k+1)×(k+1) matrix 
 
Analysis-of-Variance: 
       

SST      =    SSR      +     SSE 
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  Hypothesis Test of H0: β1 = β2 = … = βk = 0 
 
 
 
 
 
 
 

 
 
 
s2 is an unbiased estimate of σ2 
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CI for mean response 
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0kx,...,10
′+<µ<′− αα  with n - k - 1 d.f. 

     
CI for single response y0 002/00002/0 Cxx1stŷyCxx1stŷ ′++<<′+− αα  
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